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Recently, voter ID laws have been instituted,modified, or overturned inmany states in the U.S. As these laws
change, it is important to have accurate measures of their impact. We present the data collection methods
and results of class projects that attempted to quantify the impact of the voter ID laws in areas of three
states. We also summarize the types of data used to assess the impact of voter ID laws and discuss how our
data address some of the shortcomings of the usual techniques for assessing the impact of voter ID laws.
1. Introduction
When it became clear during the early days of the civil rights
movement that progress depended on ensuring that citizens
have the ability to vote without restrictive procedures or harass-
ment, the Voting Rights Act of 1965 was passed. It provided fed-
eral guidelines to protect voting rights. After the 2000 election,
however, states began to enact laws regulating how voters prove
their identity to vote in general elections. These laws included
restricting the form of ID required (e.g., requiring state-issued
and/or photo ID), when it must be presented (e.g., every elec-
tion or only for first time voters), and howwould-be voters with-
out the required ID would be handled at polling places (e.g., use
of provisional ballots). By 2013, 33 states had such laws on the
books, including Texas (passed in 2011), Pennsylvania (2012),
and Virginia (2013) (U.S. Government Accountability Office,
(GAO), 2014).
In 2013, the Supreme Court declared in Shelby County v.
Holder (2013) that provisions of the Voting Rights Act that
identified the jurisdictions requiring prior approval were no
longer constitutional. Several states immediately enacted new
procedures requiring stricter forms of voter ID and limiting
hours and voting locations. These laws have been challenged in
the courts based on violation of the remaining portions of the
Voting Rights Act.
Besides objections on legal grounds, others have raised con-
cerns that voter ID laws create burdens that could prevent any
eligible voter from successfully casting a ballot. The theoretical
underpinnings for such concerns are based on the idea that vot-
ers are rational actors who assess the costs and benefits of voting
(Riker and Ordeshook 1968). Any increase in cost, whether in
the form of increased time or money, would decrease turnout if
the voter does not perceive an increased benefit.
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For a voter ID law to have an impact, it must cause a change
in the propensity to vote for all individuals, or for one group
more than another. Voting behavior is observable, so at least the
outcome is a manifest variable. However, proving that the voter
ID law causes an observed outcome is difficult since elections are
not conducted as experiments. It is impossible to observe the
outcome of voting behavior for a single individual both under
the condition (voter ID law in place) and its counterfactual (no
voter ID law in place). Thus, there are challenges in obtaining
data to assess impact.
This article describes data collection and analyses carried out
as class projects. The collective effort adds to the evidence about
the impact of the voter ID laws in three states: Texas, Pennsyl-
vania, and Virginia. The specific voter ID law varied among the
three sites. TheTexas voter ID law in effect in 2014was one of the
most restrictive in the country. Texas’s law accepted only seven
types of government issued photo ID, such as driver, military,
and concealed carry licenses. If the potential voter could not
present such an ID at the polling place, they could complete a
provisional ballot, whichwould count only if the voter presented
a qualifying ID within 6 days at a designated location. The 2012
Pennsylvania voter ID law, which required a photo ID for in-
person voting, was struck down in January of 2014 (Applewhite
v. Commonwealth, 330M.D. 2012; 2014 Pa. Commw. LEXIS 62).
Thus, for the 2014 election, only first-time voters in a district
and those denoted in the polling book had to show ID and it did
not need to be a photo ID. The Virginia voter ID law allowed
a wider range of ID, including some nongovernment issued ID
types. These include an employment or student photo ID.
Our work was motivated by a small study done by Amer-
ican University students in Northern Virginia during the off-
year 2013 statewide election. That study estimated that 2% of
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potential voters were turned away from the polls because they
lacked the ID required by the State of Virginia. Because of stu-
dents’ interest in the issue, one of the authors (MG) decided to
expand the study for the 2014 mid-term election. She placed an
article in Amstat News (Gray 2014) asking for participation by
other faculty. The two other authors of this article responded
and the project was born.
In Section 2, we describe the types of data that are typically
used tomeasure the impact of voter ID laws, and in Section 3, we
present the findings of previous studies, emphasizing the specific
parameters estimated.We discuss the goals of our study and how
the framework of our study compares to other extant studies in
Section 4. Sections 5 and 6 contain the methods and results of
our study. Finally, in Section 7, we compare our results to those
of existing studies and draw conclusions on the impact of voter
ID laws.
2. Data for Measuring the Impact of Voter ID Laws
What data would allow identification of any impact of voter ID
laws on turnout, or of disparate impact on any demographic
subgroup? Studies that assess the impact typically use data of
one of three types: ID ownership files with voter registration
lists, aggregated longitudinal data on registration and turnout,
and retrospective survey data from a sample of would-be and/or
actual voters. Assessing impact from any of these sources has
limitations.
First consider IDownership data.Many studies havematched
administrative ID and voter registration files to estimate the pro-
portion of registered voters lacking an ID. However, ID own-
ership, or lack thereof, does not necessarily change a person’s
propensity to vote. Studies have shown that those without an
ID share demographic characteristics with lowpropensity voters
even in states without voter ID laws (Barreto,Nuno, and Sanchez
2009). Thus, some claim that lack of ID does not change voter
behavior (Zengerle 2012). Conversely, the propensity to vote can
be affected even if the registered voter does own a qualifying ID.
Voter ID laws are complex and ever changing, so that a voter can
be confused about requirements, and fail to vote due to the per-
ception, rather than the fact, that he does not own a qualifying
ID (Hobby et al. 2015). Therefore, if the goal is to assess whether
the law actually, rather than potentially, affects voting behav-
ior, ID nonownership is an imperfect proxy. ID ownership data
are used mostly in support of legal proceedings for challenges
to voter ID laws, often prior to an election (e.g., Ansolabehere
2012; Barreto and Sanchez 2012). In these cases only poten-
tial impact is relevant, since no actual voter behavior resulting
from the law has occurred. Even if potential impact is of interest,
these studies are subject to errors (e.g., matching errors, Marker
2014) that weaken their conclusions. Finally, if the question to
be addressed is disparate impact on demographic subgroups,
voter registration files often do not contain identifiers of race or
ethnicity.
The second type of data used for studying voter ID laws is
longitudinal data on registration and turnout rates. One source
of such data is administrative records. Since 2002, states are
required tomaintain an electronic file containing administrative
data on voter registration and turnout. The rules for who may
access the micro-data vary by state, but summaries are avail-
able from the United States Elections Project (McDonald 2017)
website (www.electproject.org). Sample data on registration and
turnout over time are also available from two ongoing surveys,
the Current Population Survey (CPS) voter supplement and the
Cooperative Congressional Election Study (CCES). Both sur-
veys collect self-reported data on registration and voting behav-
ior from a nationwide sample. The CPS supplement is from
an address-based probability sample of households collected in
every presidential election year since 1964 (U.S. Census Bureau
2006). The CCES is an online survey conducted by a private
marketing company for a consortium of researchers since 2006
(Salazar 2015). Unlike voter registration files, these surveys con-
tain demographic and socioeconomic characteristics of respon-
dents, making comparisons of voting rates by subgroups possi-
ble. However, sample sizes are not sufficient to examine rates for
small areas or groups. Because it is self-reported, the survey data
can also suffer from social desirability bias (Karp and Brocking-
ton 2005).
Despite these weaknesses, both survey and administrative
data have been used to directly examine the impact of voter ID
laws. These studies compare turnout rates for states with and
without laws, or across states with a range of strictness on the
ID’s allowed. Since these data contain information about actual
(reported or observed) rather than potential voting behavior
as the matching studies do, they allow a more direct mea-
sure of impact. However, since states having laws are not ran-
domly selected, all the usual problemswith attributing causation
in observational studies occur. Researchers have used various
methods to account for confounding variables. One approach
is to treat the data as a quasi-experiment and analyze it using a
difference-of-differences design (e.g., Alvarez, Bailey, and Katz
2011; GAO 2014, Appendix V). This method compares the
change in turnout rates from one election to another for a spe-
cific set of voter ID states and its nonvoter ID neighbors. This
mitigates effects of some confounders, such as national candi-
date popularity.However, other differences, such as competitive-
ness of state races and differing state ballot items, can remain and
weaken attribution of causality.
The third type of data used to analyze the effects of voter ID
laws is a cross-sectional sample of voters or nonvoters in which
they are asked directly about their voting behaviors and moti-
vations. One national source of such data is the aforementioned
CCES, in which respondents are interviewed in two waves in
election years, one before and one after Election Day. The post-
election questionnaire asks respondents if they voted, and if not,
why not. Other researchers have fielded their own local surveys,
using general frames or registered voter frames, asking nonvot-
ers why they did not vote (e.g., Hobby et al. 2015). The main
weakness of these data for estimating impact is the presence of
measurement error. First, self-reported data may contain errors
in the voting status response, as noted above. Even if voting sta-
tus is known because the frame contains the information, a non-
voter may be unable to provide accurate information about why
he did not vote because he hadmultiple reasons, does not recall,
or is reluctant to provide the reason. This problem is especially
acute when the nonvoter is questioned at a significant interval
after the election.
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3. Previous Results Measuring Voter ID Impact
In this section, we present the estimates of voter ID impact
given in previous studies. To do this, it is helpful to examine
the hypothesized causal factors that explain how voter ID laws
could impact eligible voter behaviors, and to specify parameters
of interest based on this view. We discuss how these parameters
have been estimated from various data analysis approaches.
Figure 1 presents potential outcomes for each eligible voter. It
first partitions eligible voters based on whether or not a person
would vote if there were no voter ID law in-place, with the total
number of would be voters and would not be voters denoted by
nwv and nw̃v. The second question partitions voters into those
with and without a qualifying ID, with the totals denoted by
nid and n˜id, respectively. Finally, the possible voting outcomes
are presented. We assumed no voting official errors, that is,
we assumed that no one with a proper ID was barred at the
polling place and that no onewithout a proper IDwas allowed to
vote.
The goal of any study of voter ID laws is to estimate the count
of some set of outcomes in Figure 1, or to estimate their size
relative to certain marginals. A limitation of every study is the
uncertainty in the assignment of eligible voters to particular out-
comes, or in generalizing results. Clearly, the same individual
can follow a different path in the diagram in different elections,
either because his propensity to vote varies, he acquires an ID,
or the state law changes. Similarly, if the same individual were in
a different state in an election, he may also move from one out-
come to another due to differences in the type of ID required,
the state laws controlling the convenience of voting, and ballot
competitiveness. So any study’s estimate is specific to time and
place. Additional uncertainty arises from the fact that the vot-
ing intention of individual voters may not be well defined. It is
known for those who turn out to vote (outcomes a, c, and d),
but for others, the only method of ascertaining intention is by
survey or by past voting behavior as a proxy. This means that
estimating nwv can be difficult.
Legal cases against implementation of voter ID laws often
rely on ID ownership and not behavior. Hence, the parameter
of interest is either pid,1 = (n˜id + n∗˜id)/n or pid,2 = n˜id/nwv,
the proportion of all possible or just intentional voters who do
not have the required ID, where n represents the number of
possible and n∗
˜id
the number of nonintentional voters who do
not have the required ID. ID ownership matching studies that
use administrative records can only estimate pid,1 since voting
intention cannot be determined from administrative files. The
GAO recently reviewed 10 studies that relied on the matching
of driver’s license and voter registration files in a variety of
states (GAO 2014). They showed estimates of pid,1 that ranged
from 5% to 16%. However, pid,1 is likely to be smaller in states
that allow other forms of ID. For example, Hobby et al. (2014)
found in a survey of nonvoters in Texas Congressional District
23 (CD-23) that while 10.1% of voters did not have a qualifying
driver’s license, only 2.7% did not possess any of the seven forms
of ID allowed by the Texas voter ID law. Some evidence also
suggests that pid,2 is smaller than pid,1. In particular, Barreto,
Nuno, and Sanchez (2009) found in a survey of registered voters
in Indiana that the ID ownership rate ranged from 2.7% to 4.7%
higher for likely voters than likely nonvoters, depending on the
type of ID considered.
The actual impact of the voter ID laws on voting behavior
is not measured by pid,1 nor even pid,2. Besides those who don’t
own a required ID, there are other eligible voters who do not
vote because they erroneously believe they lack the proper
ID and thus don’t turn out (outcome b). Another subset are
those who own ID but do not bring it to the polling place
(outcome c). For studies assessing the impact of the law,
the parameter of interest is the proportion that the law pre-
vents from voting of either all voters or intentional voters.
Figure . Diagram of hypothesized causal factors for how voter ID laws impact voter behavior.
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These parameters are plaw,1 = (nb + nc + nd + ne)/n and
plaw,2 = 1 − na/nwv, respectively.
Studies of this issue use both administrative and survey data.
Neither can provide estimates of plaw,1 or plaw,2 directly. How-
ever, they can provide the voting rate, defined as the fraction of
the registered (or eligible) voter population that successfully cast
a ballot. Thus, one statistical approach for estimating plaw,1 from
such data is to calculate (or estimate if a survey) the difference
between the voting rate in a comparable previous time period
when the voter ID law was not in effect or in an area comparable
to the target area. That is, they compute






where the superscripted γ denotes the comparable time or place.
If it can be assumed that the voting rate would be approximately
equal in the two times (places) without the law (i.e., nγwv/nγ ≈
nwv/n), then δ ≈ plaw,1. These studies rarely assess plaw,2 but
they could by noting that δ/pγvote ≈ plaw,2. Alternatively, some
studies compute a difference of differences using time and place
data. For this they compute
δ = δ − δ−1,
where δ is defined as in Equation (1) with γ denoting a compa-
rable place to the focal state, and δ−1 denoting the same, but in
the previous comparable time period, before either place had a
voter ID law. Then δ ≈ plaw,1 if the difference in voting rates
for the two places from one election to the next would remain
the same, absent the change in voter ID law.
The results for these studies have been mixed, ranging from
no effect to small single digit percentage changes. The GAO
report (GAO 2014) reviewed ten studies that made use of longi-
tudinal data using one of these methods to estimate plaw,1. Five
found that plaw,1 could not be statistically distinguished from 0,
four estimated it to be between 1.6% and 3.9%, and one esti-
mated an increase of about 2% in the voting rate after the lawwas
enacted. These studies targeted different time periods and types
of races (presidential and congressional), and most averaged
over states with certain categories of voter ID laws, or included
more than one election cycle. Thus, most were not specific to
any time or place.
The GAO report also described its own study, which used a
difference-of-differences design to estimate plaw,1. It estimated
the change in turnout between presidential elections of 2008
and 2012 in two states, Kansas and Tennessee, which had imple-
mented voter ID laws in that time period. These differences were
compared to those in four similar states that did not enact such
laws. Their estimates of plaw,1 were 3.0% and 2.7% in the two
states. Since the turnout in 2012 in Kansas and Tennessee was
roughly 50% (57% and 52.2% respectively), the proportion of
intentional voters prevented from voting by the laws, plaw,2,
would be approximately double.
There is little data available to estimate the fraction disen-
franchised by the ID laws, plaw,3 = (nb + ne)/nwv, colored in
purple in Figure 1. One study, Hobby et al. (2015), suggests
it is a substantial fraction of the nonvoting intentional voters.
It concluded that “… the most significant impact of the cur-
rent Texas voter ID law is confusion and subsequently depressed
voter turnout.” Their survey suggested that twice as many non-
voters cited lack of ID as the primary reason they did not vote
(5.8%), as actually did lack ID (2.7%).
We believe that studies that aim to directlymeasure the size of
individual cells in Figure 1 using surveys aremuchmore likely to
provide evidence of effects than studies that use aggregated lon-
gitudinal data. The difficulty of detecting effects of voter ID laws
from aggregate data can be explained by the variability in voter
turnout from one election to another, even when laws do not
change. We examined the power of a difference-in-differences
study using turnout data from 2008 to 2016. (See Appendix in
the supplementary files for details.) We found that small effect
sizes, such as a 1% impact on the voting rate, would be detected
by such studies less than half of the time, even under the most
optimistic scenario considered. This analysis emphasizes the
point that absence of significant results from even careful anal-
yses of aggregate voting data would not be unusual, even if real
voter ID effects exist. Effects in the small single digits are con-
sistent with the mixed findings in such studies.
4. Study Goals
To determine the impact of voter ID laws on potential voters,
we conducted an exit poll on Election Day near the campuses of
the participating schools (American University (AU), Swarth-
more College (SC), and SouthernMethodist University (SMU)).
The sites were portions of Northern Virginia; Philadelphia,
Pennsylvania; and Dallas County, Texas. Our data are of the
third type discussed in Section 2, a cross-sectional sample of
potential voters. We seek to estimate the proportion of inten-
tional voters who are denied voting because they forgot or lack
an ID, denoted by plaw,4 = (nc + nd )/(na + nc + nd ). These
events are colored orange in Figure 1.
Our data have some strengths that other cross-sectional sur-
vey data do not. Our respondents were interviewed as they were
leaving a polling place, and asked to report whether they had
successfully voted or not. If they indicated they had not, they
were asked the reason. Because of the proximity of denial of
voting to data collection, the respondents are more likely to be
able to identify the primary reason they did not vote. Also, every
respondent is known to have intended to vote because they were
exiting a polling place; thus there is no uncertainty as to whether
the impact is a potential or an actual one. On the other hand, our
data have the disadvantage that they do not allow assessment of
the total impact of voter ID laws on turnout rate, since the sam-
pling frame does not include those who either know or believe
they do not own a qualifying ID and therefore do not appear at
a polling place. Nevertheless, the data from this study provide
the means to estimate an accurate lower bound on the impact of
voter ID laws on turnout, and allow for assessment of differential
impact of this component for demographic groups.
Studies that examine the size of the individual outcomes of
Figure 1 are less common. We have identified only one other
published study (Cobb et al. 2012) similar to ours. It was carried
out during the general election of 2008 in Boston to examine
whether there were discrepancies by race and ethnicity in the
proportion of voters asked to show ID at their polling place. That
study’s similarities to ours are that the data collectors were local
university students, and the sample design and questionnaires
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were similar. However, the primary purpose of their study was
different. In Massachusetts in 2008, no voter ID law had been
implemented, and voters were not required to show ID at the
polling place except in special circumstances. Thus, their study
was not designed to assess impact of voter ID laws, but rather
to determine how accurately poll workers implemented voting
procedures.
For our study, the question of primary interest was what
proportion of voters who came to a polling place on Election
Day were unable to cast their ballot due to lack of required ID.
Thus, each site’s questionnaire asked persons exiting the polling
place whether they had successfully cast a ballot. If they had
not, they were asked why. Basic demographic characteristics of
the respondents were recorded so that demographic differences
could be examined.
Additional study goals varied somewhat among the sites, due
in part to differences in the Voter ID laws in the three states. In
Pennsylvania, voters were asked if this was their first time vot-
ing in the district, which allowed us to assess how accurately the
polling place attendants were enforcing the Pennsylvania law.
The Texas questionnaire included an item asking voters if they
had cast a provisional ballot, to gain a fuller picture of the per-
centage of voters affected by any aspect of the ID law.
The Texas questionnaire also included some questions of
interest to a survey sponsor, the League ofWomenVoters ofDal-
las County (LWV). One of their missions is to inform the elec-
torate, so theywere interested in identifying needed voter educa-
tion. Thus, the Texas questionnaire included questions probing
sources of voting difficulty, whether it was related to voter ID or
not. All successful voters were asked whethermore than one trip




Exit polls are typically conducted by news organizations.
Since 2003, a consortium of major news organizations called
the National Election Pool (NEP) jointly funds the work. The
methodology for our sampling procedures is similar to the
NEP’s, which is a two-stage probability design, with polling
places as the primary sampling unit (PSU) and voters exiting
the polling place, chosen according to a systematic design, as the
secondary units (SSU’s, American Association for Public Opin-
ion Research (AAPOR) 2007). All three of our sites also used
a two-stage design, collecting data from a sample of voters at a
sample of polling places.
In our studies, the first-stages of selection used a probabil-
ity design, which were stratified random samples in Virginia
and Texas and a simple random sample in Pennsylvania. In Vir-
ginia, the population sampled consisted of those who vote in
Arlington, Fairfax, and Loudon counties and the cities of
Alexandria and Fairfax City. The first-stage sample included 28
out of the 405 precincts in those areas. The strata were based on
income and racial composition derived from census data for the
precinct. The precincts were stratified into two strata based on
whether or not the combined population of African Americans,
Hispanics, and Asians constituted more than 50% of the popu-
lation of the precinct.
In Pennsylvania, the population was restricted to those vot-
ing in the precincts in seven zip codes in Philadelphia. The zip
codes were those that could be accessed by train, so that trans-
portation was available to the student-interviewers. From the
137 precincts in those seven zip codes, a simple random sample
of 30 precincts was selected. A few precincts were excluded from
the frame because theywere over 1.1miles from a train stop. The
30 precincts were assigned to times across the day based on the
availability of the students.
In Texas, the population included those voting in Dallas
County. The PSU’s were half-hour time periods at all Dal-
las County polling places; therefore the frame included 10,056
PSU’s. A stratified sample of 50 PSU’s was selected, with strata
defined by time (morning/mid-day/evening) and an index
related to voting propensity. The indexwas a function of the pro-
portion of old, young, and Spanish-surnamed voters registered
in the precincts, all of whichwere identifiable from the voter reg-
istration file.
In all three surveys, the SSU’s were the people exiting a
polling place. In Virginia, the voters were not selected accord-
ing to a probability sample; rather for convenience, the stu-
dent interviewers were instructed to stay at their polling site
long enough to collect 20 responses. At the other sites, how-
ever, a probability sample was implemented at the second stage.
In Pennsylvania, the students used a systematic sample design,
selecting every third person over a 30-min time period. In Texas,
the within-PSU design was intended to be either a cluster or sys-
tematic sample. The protocol was to interview every person exit-
ing during their half-hour PSU, unless that was impossible due
to heavy voter traffic. In that case, they changed to systematic
sampling, at a rate that resources allowed, and recorded the sam-
pling rate used.
5.2. Data Collection and Analysis Methods
Interviewers for NEP exit polls approach the selected respon-
dents as they leave the polling place and request participation.
Respondents receive a paper questionnaire, which are filled and
deposited in a box by the respondent, to maintain confidential-
ity. A similar method was used by the interviewers in our Penn-
sylvania site, but the Virginia and Texas questions were deliv-
ered orally and recorded by the interviewers. A Spanish version
of the Texas questionnaire was produced, and Spanish-speaking
interviewers were assigned, when possible, in precincts that had
a high density of Hispanic surnames in the voter registration
file. Copies of all three questionnaires are available in the sup-
plementary materials.
At each site, the interviewers conducting the survey were
students in statistics courses. They ranged from introductory
courses for undergraduates to a graduate level course in sam-
pling. Two to four students were typically assigned to collect the
data at each sampled PSU. Though NEP typically assigns just
one interviewer, including multiple interviewers at a single site
should improve the ability tomaintain the assigned skip interval
(Bump 2016).
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Training was conducted for the interviewers as part of their
coursework. Topics covered included principles of survey sam-
pling, the sources and impact of nonsampling errors, and ethi-
cal principles of human subjects research. Students were trained
to minimize nonresponse by using scripted language to request
an interview and to display clothing or badges with their school
logos.
After data collection, the students reviewed and input the
data into a common database. The number of questionnaires
with the primary question complete was 670, 218, and 626 at the
Virginia, Pennsylvania, and Texas sites, respectively. Sampling
weights and design variables (strata and PSU identifiers) were
prepared and appended to the sample records in the data from
the probability samples (Texas and Pennsylvania). Analyses for
these states were conducted using survey analysis software. The
data from Virginia were summarized as though the secondary
units were equally weighted, but no standard errors were com-
puted because of the lack of proper weighting,
5.3. Nonresponse
Slightly less than half the voters approached by interviewers in
the NEP exit polls agree to participate (AAPOR 2007; DeSil-
ver 2016). The response rates at the polling places for all our
sites considerably exceeded that, with rates of 68% (Texas), 78%
(Pennsylvania), and 100% (Virginia) for the primary survey
questions. The variability in these rates could have been caused
by regional differences inmode and logistics. For example, Texas
law requires interviewers to approach respondents outside the
polling place in the outdoors, where there was a steady rain on
Election Day. Possible reasons why our response rates exceeded
NEP response rates are that our questionswere less sensitive (not
asking about candidate preference) and because our interview-
ers identified themselves as being from local institutions. On the
other hand, the NEP exit poll sample is supplemented by tele-
phone surveys of absentee and early voters, whose numbers have
been growing in recent years. Our estimates do not include this
component, so our estimates apply only to Election Day voters.
There was an additional layer of nonresponse at the first
stage of sampling at the Texas site. Only 39 of the 50 sampled
PSU’swere staffedwith students onElectionDay due to students’
scheduling conflicts. A few other PSU’s were omitted due to last-
minute emergencies, such as refusal of access by uninformed
polling officials and traffic delays. Adjustments for nonresponse
weremadewithweighting, whereweighting classeswere defined
as strata and PSU’s for the first and second levels, respectively.
The Pennsylvania data were also adjusted for nonresponse via
weighting with weighting classes defined by the PSU’s.
6. Analysis and Results
The primary question we addressed was how frequently would-
be voters are prevented from voting due to lack of a required
ID. Table 1 reports these results for all three sites. The table
displays our estimates of the percentage of visits to the polling
place ending in an unsuccessful vote and the percentage that the
respondent reports are due to lack of ID. Estimates of the per-
centage of nonvoting visits ranged from a high of 8.2% in the
Texas site to a low of 1.9% in Philadelphia. The percent unable




vote due to ID law
Location Dallas, TX .% (.%) .% (.%)
Philadelphia, PA .% (.%) .% (.%)
Northern VA .% (N/A) .% (N/A)
to vote due to the ID law ranged from 0.41% to 1.8%, indicat-
ing that the majority of unsuccessful trips to polling places are
due to some cause other than voter ID issues. However, those
unable to vote due to a problem with ID were often concen-
trated in certain demographic groups. In Dallas, these trips were
exclusively experienced byminority (black orHispanic) females,
while in Northern Virginia, all were in low income majority–
minority precincts and were predominantly male. This illus-
trates one problemwith studies that aggregate the affected popu-
lations across states with differing voter ID laws to assess if there
is a differential impact on demographic subgroups. The Texas
law required that the name on the state-issued ID exactly match
the name on the voter registration card, while Virginia’s law did
not. The exact match requirement is more likely to cause prob-
lems for currently or previously married women, which could
explain the discrepancy in these states. If the data were aggre-
gated, the effect would not be apparent.
The large percentage of unsuccessful trips to the polling place
for Dallas County voters was of particular interest to the LWV.
The lack of ID was estimated to account for only about 5%
(SE= 3%) of these unsuccessful trips, which is about the same as
the estimate of those not voting due to a line that was too long.
By far the most common reason was that the voter was at the
wrong polling place, which occurred in an estimated 74% (SE=
7%) of the unsuccessful trips.
The Texas questionnaire also included questions to success-
ful voters about their voting experience to see if it had been
affected by the voter ID law. They were asked whether the inter-
view was occurring during their first trip to the polling place. If
not, they were asked to identify what necessitated a return trip
and whether the ballot they cast was a provisional ballot. This
series of questions allowed us to estimate the percentage of voter
trips in which the voter had experienced any problem related to
the voter ID law. Table 2 shows results from this analysis. Collec-
tively about 1.5% of voter trips were affected by the voter ID law.
A female voter was 12.6 times as likely to have had one of these
problems than a male (p-value < 0.0001), and a black voter was
4.5 times as likely to have such a problem than a non-black voter
(p-value < 0.0001).
The questionnaire at the Pennsylvania site asked the respon-
dents if they were a first time voter in the district and if they
had been asked to show ID. The reason for these questions was
to determine the frequency of incorrect implementation of the
voter ID law by election officials. Pennsylvania’s strict voter ID
law had been overturned before the 2014 election, due to the
judge’s ruling that the state’s campaign to explain the law mis-
informed voters (2014 Pa. Commw. LEXIS 62). Consequently,
a less stringent law was in effect for the 2014 election, which
required first-time voters in an election district and those noted
in the poll book to show ID. Because of the recent change, there
was concern that the law might be misapplied on Election Day,
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Table . Estimates of percentage (SE) of Dallas County voters experiencing various problems on Election Day.
Percentage of voters
who:
Were unable to vote due
to ID law
Voted but made a nd trip to polling
place due to lack of ID on first trip
Voted but had to cast a
provisional ballot
Had any of these
problems
Percentage (SE) .% (.%) .% (.%) .% (.%) .% (.%)
Table . The percentage (SE) of those interviewed in Philadelphia who had to show ID, conditioned on whether they were a first time voter in the district.
Were they asked to show ID?
Was this their first time Yes No Marginal percentage
voting in the district?
Yes .% (.%) .% (.%) .% (.%)
White Non-White White Non-White
.% (.%) .% (.%) .% (.%) .% (.%)
No .% (.%) .% (.%) .% (.%)
White Non-White White Non-White
.% (.%) .% (.%) .% (.%) .% (.%)
Marginal percentage .% (.%) .% (.%)
which our survey suggested was justified. Eighteen percent of
respondents reported being first time voters in a district and
yet 43.0% reported being asked to show ID. Table 3 reports the
results from these questions. Assuming everyone answered cor-
rectly, this result means almost a third of the nonfirst time voters
were asked to show ID, with nonwhite voters asked more often
than white ones.
7. Conclusions
Since the inception of voter ID laws, data have been employed to
estimate the impact of these laws. Legal cases have often relied
on ID ownership data to estimate the potential impact of voter
ID laws. Matching ID ownership with voter registration files,
estimates of the proportion of eligible voters without a valid ID
ranged from 5% to 16% in a recent GAO (2014) review. Aggre-
gated, longitudinal data have been used to estimate the propor-
tion of voters that the law prevents from voting. These results
have beenmixed, oftenwith estimates that cannot be statistically
distinguished from 0 or estimates that are positive but close to
zero. Based on our power calculations, this would not be sur-
prising even if the laws reduce turnout by a couple of percent.
Since we conducted exit polls on Election Day, we were able
to directly estimate the proportion of would be voters who were
turned away at the polls due to ID issues in the three areas
we surveyed. These estimates ranged from 0.41% to 1.8%. As
illustrated in Figure 1, the disenfranchised voters our survey
encountered are only a subset of those impacted by the laws.
Even if the impact was as small as 5%, such a reduction in
turnout could be practically meaningful, since in the 2014 fed-
eral elections, two races were decided by a margin of less than
0.5%. Four were by less than 1%. Further, and perhaps most
concerning, based upon the legal arguments that have been
made against the laws, we did find some evidence of a disparate
impact based on demographic characteristics of the would-be
voters.
Voter ID laws will continue to be an important and con-
tentious issue for elections to come. To be able to accurately
estimate the impact of these laws, there is a genuine need for
more data. Exit polling data can produce estimates of the pro-
portion of would-be voters who are not allowed to vote due to
ID issues and can measure disparate impact for various demo-
graphic groups. As current and future voter ID laws are debated
in society, government, and court, it is important that rele-
vant data measuring the impact of these laws are part of the
discussion.
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